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function TR [BALIER (startNode)
visited = FHEBAA/ —FEEIEILSES

queue = J—FFEERE (Evan) TEEIPIC —Fd &/ —FDELEDE L2 —

startNode * wvisited & gueue [C1BA0
while gueue P"ETIIELY do
node = gueue D A2FH S BRY B
if IS5 GOAL(node) then
return node
for each child in EXEPAND (ncde) do
if child #% wisited ICZENLY then
child % wvisited & queue [CI1BAD
return %%%Eﬂ
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Summary of Search Strategies

I Pacls and &, Mackwarth ND

Strategy Frontier Selection | Halts? | Space
=>Depth-first Last node added | No Linear
=>»Breadth-first First node added | Yes Exp

Heuristic depth-first | Local min h(n) MNao Linear

Best-first Global min h(n) Mo | Exp

Lowest-cost-first Minimal cost(n) | Yes | Exp

A" Minimal f(n) Yes Exp

Artifck| lmtolligomco, Loctwrs 3 d, Page 1
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d(17,13)= 1.4
d(17,18) = d(17,12) = 1 1
d(17,G) = 2.
d(23,G) = 3.2 16
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